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Figure 1. The probability polarized structure common to the so-called “base rate fallacy” problems: the brest cancer problem

(left) and the cab problem (right).
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Mammography

Positive D)  Negative D) Total
Breast CancerH) .008 .002 .010
No Breast CancetH{) .095 .895 .990
Total .103 .897 1000
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Testimony

Bluer (D) “Green” @) O
Blue Cab H) 12 .03 .15
Green Cab¥) 17 68 85
Total .29 71 100




